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ORBICA IS A PROGRESSIVE LOCATION INTELLIGENCE PROVIDER
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ORBICA
\' EO Satellites

» Optical Imaging: 327 satellites. 98% increase
»Radar imaging: 45 satellites. 32% increase
»Infrared imaging: 7 satellites. No change

» Meteorology: 64 satellites. 73% increase

» Earth Science: 60 satellites. 13% increase

» Electronic intelligence: 50 satellites. 6% increase
» 16 satellites with other purposes. 133% increase
» 51 satellites simply list EO as their purpose. 100% increase AT
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620 in total (2017)

LESS THAN 1% OF EO DATA IS USED



https://www.pixalytics.com/eo-sats-in-space-2017/
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TRANSFORMING DATA INTO INSIGHT, IN
NEAR REAL TIME, CREATES VALUE
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GeoAl
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OLD METHOD

» Time consuming process
» Delayed results
»Human resource heavy
»Inaccurate

» Cost prohibitive

NEW METHOD

» Quick process

»Near real time results
» Automated

» Consistently accurate
»Scalable

» Cost effective
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V What is GeoAl?

IMAGERY

ARTIFICIAL
INTELLIGENCE




\' DEEP LEARNING

ARTIFICIAL INTELLIGENCE

DEEP LEARNING

A programme that can sense,
reason, act and adapt

Algorithms whose performance

improve as they are exposed to
more data over time

Subset of machine learning in
which multi-layered neural
networks learn from vast
amounts of data



\ GeoAl- Orbica Engine

Imagery
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\_ RESULTS - Building Extraction

RGB (3 bands ONLY)
> 4,800 by 3,200 pixels

> 15 million individual
pixels per image

> 7.5cm ground resolution

> Raw results displayed.
No clean-up or Passover
filters or geoprocessing
operations have been
applied.



Ié ORBICA | INTERACTIVE DEMO http://geo.orbica.world/Al
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http://geo.orbica.world/AI

g Example of Scale & Speed

Prediction Results
One billion, 350 million pixels in the

Waimakariri transformed from data
into buildings.

30min runtime on a 1080Ti



ORBICA
[v RESULTS — Water Extraction

RGB (3 bands ONLY)
12,000 by 8,000 pixels

96 million individual
pixels per image

30cm ground resolution

Raw results displayed.
No clean-up or Passover

filters or geoprocessing
operations have been
applied.




ORBICA

Feature
Engineering

Area
Perimeter
Elevation
Area to length
No. of vertices

Avg. width
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Classified iacormsctly

Predicted Feature 2; LA v
Predicied Featurs 2 Probatility: 4
Predicted Feature 31 FOND
Predicied Feature 3 Probability- 0

Classiliad Incorrectly

Onginal Feeturs: CANA

Predicted Festure 1

Predicted Foature 1

Predicted Fasture Z

Predicted Feature 2 Pro
Pradictad Feature J: RESERVOIR
Pradicted Feature 3 Probabelity: 0

Canterbary Maps Classibed - Tanterbury Maps Classifliad

B Classified incorrectly . B Classified Incorrectly
W Classthed Correctly B Ciassified Correctly
Foealures Foatres

W River ‘ " River

B Lake B Lake

W Fond _ W Fond

B canal | W Canal

B Lagoon B Lagocn

B Reservoir B Y \ ~4 B Reservoir
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Testin cc
95.82 % (5,896 / 6,153)
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https://youtu.be/Xsjyu4sh2m4
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DATA AGNOSTIC

» Data from any source —
satellite, drone, aerial
» No vendor contracts

AS A SERVICE

> Near real-time results
> Instant feedback on results
» Ease of process

VALUE

» Extract value from existing
data investments
» Flexible pricing models

GLOBAL

» Data from anywhere

» Algorithm trained to locale
specifics

» Custom algorithms on
request



\\_—~ THANK YOU FOR ATTENDING

PETER ROSE
DIRECTOR (EUROPE)
peter@orbica.world
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CONNECTIVITY.

A FUTURE OF EXPERIENCE, INNOVATION AND CREATIVITY

Let the magic begin...



